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Abstract

In the past, in order to achieve the educational goal of teaching students in
accordance with their aptitude, a lot of teaching costs and time were often required.
However, with the advancement of information technology, the use of information
technology to implement adaptive learning has become a major focus of research in
the field of education. This study developed a chatbot learning system based on the
cognitive diagnosis model, provide learners with adaptive learning through quiz
questions recommendation. This study is conducted for the course “Java Application

Programming Course” and an experiment is adopted with the students from this class.
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After using the adaptive learning chatbot system, users fill out the questionnaire to
evaluate the users' system attitude. According to the experimental results, it’s found
that learners have positive responses to the perceived usefulness, perceived ease of
use, and usage intention of the adaptive learning chatbot system in this study.

Keywords : Chatbot, Cognitive Diagnosis, Collaborative Filtering, Adaptive Learning
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Griffiths(2016) LA 4 £ 4% & (Pedagogy Model) ~ % F =% #2 A (Learner Model) ~ & #} 40
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,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,, Domain
Model
i Pedagogy Algorithms Learner
T . Model Processing the knowledge Model
| Represented in the models

|

Learner Interface

Adaptive Content

Learning content (e.g. text or video) adapted to
the needs and capabilities of the individual learner

v
Data Capture

The learner’s interactions, achievements,
affect (emotion), speech...

l

Data Analysis

Al techniques (such as machine
Learning and pattern recognition)

I
v

Open Learner Model
Making the learning explicit,
For teachers & learners to see
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BRANE I 0 AB IS B AR BB B REREATH T
DA Tg ) Z MR BFAFEREHETH T -

(=) ZFHEBA(Learner Model) : &5 LA LB KE-BH A MKLELHE - K
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ko B PEAE

K1 Java F ko
K2 SE > AHAE

97



K3 EH A EEF AR

K4 EEEA ~ 9
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