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Abstract

Nowadays, the pressure of life is increasing, and those who often feel stressed
cannot breathe. Suicidal behavior caused by mental illness is usually caused by
excessive stress. Many studies have also begun to transfer to the application of artificial
intelligence to solve or carry out certain discussions. Chatbots will also be a big market
in the future, but chatbots cannot understand emotions. This research combines machine
learning and natural language processing techniques for speech emotion recognition.
When the self is able to detect it, it can first assess the situation and then assess its
handling. The benefit is to understand the emotional state of the self through the self-

detection system and subsequent processing methods.

Keywords : Machine Learning, Speech Emotion Recognition, Natural Language

Processing, Chatbot
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