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Abstract

This study investigates the effects of integrating generative Al into data analysis
instruction in a digital marketing course for business administration students. A one-
group pretest—posttest design was employed to evaluate the instructional outcomes. The
intervention focused on the search engine optimization module, in which students used
generative Al tools to analyze keyword data, interpret relevant indicators, and support
marketing decision-making. The results showed that students’ learning motivation and
Al self-efficacy significantly improved after the intervention. However, although data
literacy increased, the difference was not statistically significant. Overall, the findings
suggest that generative Al has positive potential as a teaching support tool in business
education.

Keywords: generative Al, digital marketing, data literacy, learning motivation, Al self-
efficacy
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21 H SRtk L%

A& # i) M (SD) t5ip] M (SD) t e p &
By s 6.147 (0.828) 6.600 (0.739) 2.431 0.023*
NI 4.933 (1.531) 6.000 (1.430) 4651 < .001***
TR E & 4.136 (1.538) 4.720 (0.759) 1.775 0.089

s M=% to%; SD =18 £ o p<.05% » p<.01** » p<.001%**

T~AREBY
AT SNAIE I FH AR K A R T HHE Y D
EY R Al Ak B I e E A A NAl TR RENBIE S NF
FHRTHBRY EFHREY AR b R7 L T HUL KT N A PER
FTRELFANFHELAERER FEH NFFREZF L HFH %%sw‘ ° {8
FRIFPHABRARR URAFLEE D IOLR TR BRI AR
EFE T - BRI BREE L% .

54 @

Amankwah-Amoah, J., Abdalla, S., Mogaji, E., Elbanna, A., & Dwivedi, Y. K. (2024).
The impending disruption of creative industries by generative Al: Opportunities,
challenges, and research agenda. International Journal of Information
Management, 79, 102759.

Burress, T., Mann, E., & Neville, T. (2020). Exploring data literacy via a librarian-
faculty learning community: A case study. The Journal of Academic
Librarianship, 46(1), 102076.

Chu,H.C,, Lu, Y. C., & Tu, Y. F. (2025). How GenAl-supported multi-modal
presentations benefit students with different motivation levels. Educational
Technology & Society, 28(1), 250-269.

Garg, A., Soodhani, K. N., & Rajendran, R. (2025). Enhancing data analysis and
programming skills through structured prompt training: The impact of
generative Al in engineering education. Computers and Education: Artificial
Intelligence, 8, 100380.

Kurtzke, S., & Setkute, J. (2021). Analytics capability in marketing education: A
practice-informed model. Journal of Marketing Education, 43(3), 298-316.

Lee, U, Han, A, Lee, J.,, Lee, E., Kim, J., Kim, H., & Lim, C. (2024). Prompt Aloud!:
Incorporating image-generative Al into STEAM class with learning analytics
using prompt data. Education and Information Technologies, 29(8), 9575-9605.

Liu, C. H,, Horng, J. S., Chou, S. F,, Yu, T. Y,, Huang, Y. C., Ng, Y. L., & La, Q. P.
(2024). Explore links among marketing knowledge, data literacy, skill
improvement, and learning attitude in STEAM application for hospitality and
tourism education. The International Journal of Management Education, 22(1),
100919.

Schield, M. (2010). Assessing statistical literacy: Take CARE. Assessment methods in
statistical education: An international perspective, 133-152.

Ye, C., Kim, Y., & Cho, Y. N. (2024). Digital marketing and analytics education: A
systematic review. Journal of Marketing Education, 46(1), 32-44.

o

288



BFEEM ERRERKMEES

EMEM EUSLHERSEANER | PELSARNEHES G AMEM DUSLHEARENNER | PEENANKBERS

BMEM BUSHEABATIEZES2EREDL | BUBAASEARSER | S HERBRE A BEBERIRMERR
AEHEERERKEE | REEUMKARAR

([EREBREMESSHE|




	ICEET-2026 P09.pdf
	ICEET-2026 P09




